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ABSTRAK

Program Kelompok Usaha Bersama (KUBE) merupakan salah satu upaya
pemerintah melalui Dinas Sosial Pengendalian Penduduk dan Keluarga Berencana
Kabupaten Purworejo untuk menanggulangi kemiskinan. Namun, proses penentuan
kelayakan penerima bantuan sering kali menghadapi kendala efisiensi dan
objektivitas akibat evaluasi manual. Penelitian ini bertujuan untuk
mengimplementasikan dan membandingkan kinerja dua algoritma data mining,
yaitu K-Nearest Neighbors (K-NN) dan Naive Bayes, dalam mengklasifikasikan
kelayakan calon Kelompok Usaha Bersama Anggaran Tahun 2026. Penelitian
dilakukan dengan memanfaatkan perangkat lunak RapidMiner dan mengevaluasi
lima atribut utama, meliputi kesesuaian anggota, desil, kelengkapan dokumen,
kelengkapan proposal, dan kesesuaian SK. Pengujian dilakukan menggunakan tiga
skenario pembagian data latih dan data uji (split data), yaitu 20:80, 50:50, dan
80:20. Hasil eksperimen menunjukkan bahwa pada skenario 20:80, K-NN dan
Naive Bayes masing-masing menghasilkan accuracy sebesar 97,14% dan 96,43%.
Pada skenario 50:50, K-NN memperoleh accuracy 94,32%, sedangkan Naive Bayes
sebesar 96,59%. Puncak performa kedua algoritma dicapai pada skenario 80:20
dengan tingkat accuracy, precision, dan recall yang sempurna sebesar 100,00%.
Meskipun kedua algoritma menunjukkan kinerja yang seimbang pada skenario
terbaik 80:20, Naive Bayes secara umum lebih konsisten pada kondisi data latih
yang lebih terbatas serta menawarkan efisiensi komputasi yang lebih cepat.

Kata kunci: KUBE, Klasifikasi, K-NN, Naive Bayes, Data Mining



ABSTARCT

The Joint Business Group (KUBE) program is one of the government initiatives
through the Department of Social Services, Population Control, and Family
Planning of Purworejo Regency to alleviate poverty. However, determining the
eligibility of aid recipients often faces challenges regarding efficiency and
objectivity due to manual evaluation processes. This study aims to implement and
compare the performance of two data mining algorithms, namely K-Nearest
Neighbors (K-NN) and Naive Bayes, in classifying the eligibility of prospective
KUBE aid recipients for the 2026 Fiscal Year. The research was conducted using
RapidMiner software and evaluated five main attributes: member suitability, decile,
document completeness, proposal completeness, and Decree (SK) suitability. The
testing was carried out using three data split scenarios for training and testing data,
specifically 20:80, 50:50, and 80:20. The experimental results showed that in the
20:80 scenario, K-NN and Naive Bayes achieved accuracies of 97.14% and
96.43%, respectively. In the 50:50 scenario, K-NN obtained an accuracy of
94.32%, while Naive Bayes reached 96.59%. The peak performance for both
algorithms was attained in the 80:20 scenario, achieving perfect accuracy,
precision, and recall rates of 100.00%. Although both algorithms demonstrated
equal performance in the best scenario (80:20), Naive Bayes exhibited greater
consistency under limited training data conditions and offered faster computational

efficiency.

Keywords: KUBE, Classification, K-NN, Naive Bayes, Data Mining
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